
Copyright © 2023 by Author/s and Licensed by Kuey. This is an open access article distributed under the Creative Commons Attribution 

License which permits unrestricted use, distribution, and reproduction in any medium, provided the original work is properly cited. 

Educational Administration: Theory and Practice 
2023,29(3), 1358-1366 
ISSN:2148-2403 

https://kuey.net/    Research Article 

 

Ethical AI Revolution: Transforming Indian Organizations 
through Responsible Artificial Intelligence 

 

Anudeep Dahiya1*, Dr. Deepa Kumari2 

 
1*Research Scholar, Department of Management, Sharda School of Business Studies, Sharda University 
2 Assistant Professor, Sharda School of Business Studies, Sharda University 

 
Citation: Anudeep Dahiya,  et al  (2023) Ethical AI Revolution: Transforming Indian Organizations through Responsible Artificial 

Intelligence, Educational Administration: Theory and Practice, 29(3), 1358-1366 
Doi: 10.53555/kuey.v29i3.9147 
 

ARTICLE INFO ABSTRACT 
 Responsible Artificial Intelligence (RAI) is essential in fostering ethical, fair, and 

inclusive AI applications, especially in a diverse nation like India. This paper 
explores RAI's principles, sectoral applications, and influence on Indian 
organizations from 2023 to 2024. The research discusses emerging challenges, such 
as regulatory gaps, workforce readiness, and biases in data, while highlighting 
successful practices in sectors like healthcare, human resources, and e-governance. 
Recommendations are provided for Indian businesses to align with global best 
practices and local needs. 
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1. Introduction 

 
1.1 Introducing the Topic 
Artificial Intelligence (AI) has emerged as a transformative technology across industries, driving innovations 
in automation, decision-making, and service delivery. Its applications range from healthcare diagnostics to 
personalized e-commerce recommendations. However, the deployment of AI is not without ethical and societal 
challenges, including bias, lack of transparency, and potential for misuse. These concerns necessitate the 
adoption of Responsible Artificial Intelligence (RAI), a framework that integrates ethics, fairness, inclusivity, 
and accountability into AI systems (Jobin, Ienca, & Vayena, 2019; Floridi et al., 2023). 
 
1.2 Background 
India is undergoing rapid digital transformation under initiatives such as Digital India, which leverages 
technology to bridge developmental gaps in sectors like healthcare, education, and agriculture (NITI Aayog, 
2023). AI plays a pivotal role in these efforts, with applications that promise improved efficiency and 
accessibility.  
 
For instance, AI-powered tools are being used for automating recruitment processes, enhancing e-governance 
services, and addressing healthcare disparities. However, the socio-economic diversity of India poses unique 
challenges, such as data biases that reflect systemic inequities and uneven access to AI technologies (Banerjee 
et al., 2023). 
 
Globally, there has been a growing emphasis on RAI frameworks, as evidenced by the European Union’s 
Artificial Intelligence Act and the OECD AI Principles, which aim to ensure ethical AI practices (European 
Commission, 2021; OECD, 2023). For Indian organizations, adopting RAI is critical to align with global best 
practices while addressing local challenges. 
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Figure 1: Key Weighted Factors Influencing Responsible Artificial Intelligence (RAI) 

 
1.3 Research Problem 
Despite the benefits AI offers, its rapid adoption in India has exposed gaps in ethical practices. Algorithmic 
biases have led to unintended discrimination, such as rural populations being disadvantaged in AI-driven 
financial services, while a lack of transparency has eroded trust in AI systems. Additionally, the absence of 
comprehensive AI governance frameworks in India exacerbates these issues. Without addressing these 
challenges, AI risks amplifying inequalities instead of mitigating them. 
 
1.4 Research Objectives 
This research aims to: 
1. Examine the core principles of Responsible AI and their relevance to Indian organizations. 
2. Analyze the application of RAI in sectors such as human resources, healthcare, and e-governance. 
3. Identify the key challenges Indian organizations face in implementing RAI frameworks. 
4. Propose actionable strategies to enhance the adoption and operationalization of RAI in India. 
 

2. Applications of Responsible Artificial Intelligence (RAI) in Indian Organizations 
 

2.1 Human Resources (HR) 
AI technologies have transformed human resource management in Indian organizations, particularly in 
recruitment, employee engagement, and performance evaluation. Automated tools like HireVue and Talview 
are now standard in talent acquisition, helping organizations screen thousands of candidates efficiently 
(Delecraz et al., 2022). These systems analyze behavioral traits, speech patterns, and facial expressions during 
virtual interviews, ensuring objectivity. 
AI has also streamlined employee retention strategies. Predictive analytics tools can identify employees at risk 
of leaving and recommend interventions to improve satisfaction (Mills et al., 2020). For instance, Tata 
Consultancy Services implemented AI-driven attrition prediction models that reduced employee turnover by 
18% in 2023 (Floridi et al., 2023). 
However, reliance on AI in HR raises ethical concerns. Studies highlight that biased datasets often lead to 
gender and regional discrimination in hiring. A 2023 study by Banerjee et al. found that recruitment 
algorithms trained on historical data underrepresented women and rural candidates. To counteract this, 
organizations like Infosys have adopted fairness metrics such as Equal Opportunity to address systemic biases 
(Gupta et al., 2024). 
 
2.2 Healthcare 
The healthcare sector in India has witnessed revolutionary advancements through AI applications in 
diagnostics, treatment planning, and resource management. Niramai’s AI-powered diagnostic tool, for 
instance, uses thermal imaging to detect early-stage breast cancer, significantly improving outcomes in rural 
areas (Gupta et al., 2024; Mehrabi et al., 2021). 
AI-enabled telemedicine platforms like Practo and Apollo 24/7 are using natural language processing (NLP) 
algorithms to interpret symptoms and recommend treatments. During the COVID-19 pandemic, AI models 
helped predict infection surges and optimize vaccine logistics, reducing delays in critical healthcare services 
(Sharma et al., 2024). 
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Despite these advancements, challenges remain. Diagnostic tools often struggle with accuracy for 
underrepresented demographics. A 2024 study by Singh et al. highlighted that AI systems trained 
predominantly on urban healthcare data underperform in rural settings, leading to inequalities in healthcare 
outcomes. Initiatives such as the "National AI Health Strategy" aim to address these disparities by building 
more inclusive datasets (Banerjee et al., 2024). 
 
2.3 E-Governance 
AI has become a cornerstone of e-governance in India, enhancing public service delivery and improving 
administrative efficiency. Programs like Aadhaar-enabled Direct Benefit Transfers (DBT) have leveraged AI to 
automate subsidy distribution, reducing leakages and ensuring that benefits reach eligible citizens (NITI 
Aayog, 2023). 
In land records management, AI-powered blockchain systems in Rajasthan and Maharashtra have enhanced 
transparency and accountability. These systems identify fraudulent ownership claims and provide efficient 
dispute resolution mechanisms, reducing corruption in the process (Sharma et al., 2024; Singh et al., 2023). 
AI chatbots are also transforming citizen interactions with government services. For example, the Ministry of 
Electronics and Information Technology launched "DigiSeva," an AI chatbot, in 2024 to address queries 
related to digital literacy and public welfare programs. However, biases in these systems persist. Research by 
Mehrabi et al. (2021) reveals that rural populations often face difficulties accessing AI-enabled e-governance 
platforms due to limited digital literacy and connectivity. 
 
2.4 Agriculture 
AI technologies are reshaping Indian agriculture through precision farming, weather prediction, and supply 
chain optimization. Platforms like CropIn and SatSure utilize machine learning algorithms and satellite 
imagery to provide actionable insights on crop health, pest control, and soil management. For example, 
CropIn’s AI-based solution helped farmers in Punjab increase crop yields by 22% in 2023 (Gupta et al., 2024). 
AI-powered weather forecasting models have proven invaluable in mitigating the risks of unpredictable 
monsoons. The "AI for Agriculture" initiative, launched by the government in 2024, leverages AI to deliver 
region-specific weather predictions to farmers, minimizing losses from extreme weather events (Sharma et al., 
2024). 
Supply chain management has also benefited significantly from AI. Companies like Ninjacart use AI models to 
predict market demand, optimize logistics, and connect farmers directly with consumers, reducing wastage by 
up to 30% (Banerjee et al., 2024). However, the high cost of adopting these technologies and the lack of digital 
literacy among smallholder farmers remain major barriers (NASSCOM, 2024). 
 
2.5 Retail and E-Commerce 
The retail and e-commerce sector in India has embraced AI to deliver personalized customer experiences, 
improve operational efficiency, and enhance fraud detection. Companies such as Amazon India and Flipkart 
use AI-powered recommendation engines to analyze user preferences and browsing behavior, offering highly 
tailored product suggestions (Bird et al., 2020; Mills et al., 2020). 
AI tools are also optimizing inventory management and demand forecasting. In 2024, Reliance Retail 
implemented an AI-driven system that accurately predicted seasonal demand fluctuations, reducing inventory 
wastage by 15% (Banerjee et al., 2024). Additionally, AI is being used to combat fraudulent transactions. 
Flipkart's fraud detection system, powered by anomaly detection algorithms, successfully identified and 
prevented 22% of suspicious transactions in 2023 (Gupta et al., 2024). 
However, challenges such as algorithmic bias in recommendation engines and exclusion of rural customers 
persist. Studies by Mehrabi et al. (2021) and NASSCOM (2024) emphasize the need for inclusive AI design to 
ensure fair representation of underserved demographics. 
 
2.6 Disaster Management 
AI has proven invaluable in disaster prediction, response, and recovery, particularly in a disaster-prone 
country like India. Machine learning models developed by IIT Hyderabad in 2024 successfully predicted floods 
in Odisha with 93% accuracy, enabling timely evacuations and reducing loss of life (Sharma et al., 2024). 
AI-powered drones are being used for search-and-rescue operations in remote areas, identifying survivors 
through thermal imaging and delivering essential supplies. Startups like Garuda Aerospace have pioneered 
these innovations, particularly during the 2023 Uttarakhand floods (Gupta et al., 2024). 
Disaster risk mapping is another critical application. AI systems analyze satellite imagery and sensor data to 
identify vulnerable regions and predict landslides, earthquakes, and cyclones. The National Disaster 
Management Authority (NDMA) has partnered with AI startups to develop real-time alert systems for high-
risk zones. 
However, challenges in data collection and infrastructure development persist. Many disaster-prone regions 
lack the connectivity and sensor networks required for real-time AI applications. Collaborative efforts between 
the government and private sector are essential to enhance disaster preparedness and response systems (NITI 
Aayog, 2023; Banerjee et al., 2024). 
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2.7 Education 
RAI in education can address inequities by using ethical data practices to create personalized, fair learning 
experiences. Multilingual RAI systems can support diverse linguistic groups, ensuring equitable access 
(Mehrabi et al., 2021). 
 
2.8 Climate Action 
RAI frameworks can ensure fairness in decision-making by incorporating ethical considerations in climate risk 
assessment tools and resource allocation during natural disasters (Gupta et al., 2024). 
 
2.9 Inclusivity Beyond Linguistics 
Ethical AI tools developed under RAI principles can cater to underserved communities, such as the differently-
abled, by ensuring equitable data representation and inclusive design (Banerjee et al., 2023). 
 
2.10 Rural Development 
RAI principles can guide the creation of telemedicine and micro-finance tools for rural areas, focusing on 
fairness in resource distribution and equitable access (Sharma et al., 2024). 
 
2.11 Gig Economy 
Ethical standards under RAI can be applied to ensure transparency and fairness in gig worker platforms, 
safeguarding their rights and reducing biases in algorithmic decision-making (Floridi et al., 2023). 
 
2.12 Cultural Preservation 
RAI principles ensure that tools preserving cultural heritage uphold ethical guidelines, such as transparent 
algorithms and inclusive data for regional representation (Mehrabi et al., 2021). 

 
Figure 2: Distribution of Sectoral Applications of Responsible Artificial Intelligence (RAI) 

 
3. Challenges in Implementing Responsible Artificial Intelligence (RAI) 

 
3.1 Regulatory Gaps 
India’s current legal landscape lacks comprehensive AI-specific legislation, creating ambiguity for 
organizations seeking to implement RAI principles. While the Digital Personal Data Protection Bill (2023) 
addresses privacy concerns, it does not adequately cover issues like algorithmic transparency, fairness, and 
inclusivity. For instance, financial institutions leveraging AI for credit scoring or loan approval often rely on 
opaque algorithms, making it challenging to audit decisions for fairness. 
Moreover, the lack of enforceable ethical AI standards means companies operate in silos, often defining their 
own frameworks without accountability. This regulatory vacuum contrasts with countries like the European 
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Union, where the AI Act provides clear guidelines on risk management and ethical deployment. India's 
fragmented approach hampers the scalability of responsible AI practices across industries. 
A potential solution lies in adopting a unified national AI policy that encompasses ethical guidelines, 
monitoring mechanisms, and compliance structures. Collaborative efforts between the government, private 
sector, and academia are critical to develop enforceable standards that align with global practices (OECD, 
2023). 
 
3.2 Biased Data 
One of the most pervasive challenges in implementing RAI is the prevalence of biased datasets. Training data 
for AI systems often reflects systemic inequities, including gender, caste, and regional imbalances. For 
instance, recruitment algorithms trained on urban-centric data disproportionately reject rural applicants, 
perpetuating existing socio-economic disparities (Feldman et al., 2015). 
The issue of biased data extends to critical sectors like healthcare and financial services. Diagnostic AI systems 
often fail to account for genetic and environmental differences in rural populations, leading to inaccuracies in 
detecting diseases. Similarly, AI models in financial services may exclude underserved communities due to 
insufficient data on their financial history. 
Efforts to address this challenge must include data diversification strategies, such as incorporating regionally 
representative samples and anonymizing data to remove sensitive markers. Techniques like bias pre-
processing, fairness constraints during model training, and post-processing fairness adjustments can help 
mitigate the adverse effects of biased datasets (Gupta et al., 2024). 
 
3.3 Workforce Readiness 
The readiness of the Indian workforce to handle ethical AI implementation remains a significant hurdle. 
According to a 2023 NASSCOM report, only 22% of AI professionals in India have formal training in ethical 
AI practices. This lack of expertise limits the ability of organizations to integrate fairness, transparency, and 
accountability into their AI systems. 
Additionally, there is a dearth of interdisciplinary knowledge among AI professionals. Ethical AI requires a 
combination of technical skills, social science insights, and legal expertise. However, most AI training 
programs focus exclusively on technical aspects, neglecting the broader ethical and social implications of AI. 
To bridge this gap, educational institutions must integrate RAI principles into their AI curricula. Collaborative 
training initiatives between academia and industry, such as certification programs in ethical AI, can also 
enhance workforce readiness. Organizations should invest in upskilling programs to build internal capabilities 
in RAI implementation (Floridi et al., 2023). 
 
3.4 Socio-Cultural Barriers 
India’s diverse socio-cultural landscape presents unique challenges in deploying AI systems that are both 
effective and inclusive. Voice recognition technologies, for instance, often struggle with the diversity of Indian 
accents and dialects. Similarly, AI-powered educational tools may fail to cater to students in underrepresented 
linguistic regions, reinforcing barriers to access. 
Another aspect of socio-cultural barriers is resistance to technological adoption in rural areas, where digital 
literacy remains low. AI systems designed for governance or healthcare may not achieve their full potential due 
to cultural stigmas around technology or limited access to resources like smartphones and the internet. 
To overcome these barriers, AI developers must prioritize localization. This includes developing multilingual 
models, incorporating cultural nuances into training data, and conducting user testing in diverse communities. 
Initiatives like "AI for Bharat" exemplify efforts to address these challenges by creating AI tools specifically 
designed for India’s socio-cultural diversity (Banerjee et al., 2024). 
 
3.5 Environmental Impact 
The environmental footprint of AI systems is an emerging concern, particularly as India accelerates its AI 
adoption across industries. Training large-scale AI models requires vast computational resources, contributing 
to significant carbon emissions. For instance, GPT-3, a widely used AI model, was estimated to consume energy 
equivalent to 500 homes during its training phase. 
In India, where energy infrastructure is already under strain, the rising demand for data centers to support AI 
systems poses additional challenges. By 2025, data centers are expected to account for 8% of the nation’s total 
energy consumption, with much of it relying on non-renewable sources (NASSCOM, 2024). 
Addressing this challenge requires a shift towards green AI practices. Organizations can adopt energy-efficient 
algorithms, optimize hardware usage, and transition to renewable energy sources for powering data centers. 
Policies encouraging sustainable AI development, such as tax incentives for green computing, can further 
incentivize businesses to prioritize sustainability. 
 
3.6 Ethical Concerns in Generative AI 
The rapid rise of generative AI models has introduced ethical dilemmas around misinformation, intellectual 
property, and malicious use. In India, the 2024 state elections witnessed the creation of deepfake videos that 
spread political misinformation, undermining public trust in AI technologies (Banerjee et al., 2024). 
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Generative AI also raises questions of authorship and copyright. Artists and content creators have voiced 
concerns about AI models replicating their work without consent, leading to economic and reputational harm. 
Additionally, generative AI tools have been used to create harmful content, such as fake news articles and 
manipulated images, which can have far-reaching societal consequences. 
To address these issues, regulatory frameworks must enforce transparency in generative AI applications. For 
instance, AI-generated content should include clear disclosures about its origins. Organizations developing 
generative AI models should prioritize ethical guardrails, such as content moderation systems and algorithmic 
audits, to prevent misuse. 
 
3.7 Cybersecurity in RAI Systems 
Ethical concerns in RAI frameworks include safeguarding systems against breaches while maintaining 
algorithmic transparency and accountability (Sharma et al., 2024). 
 
3.8 Ethical ROI Measurement 
RAI practices must integrate frameworks to measure return on investment that align with ethical and social 
goals without compromising inclusivity (NASSCOM, 2023). 
 

 
Figure 3: Key Challenges in Implementing Responsible AI (RAI) by Impact Score 

 
4. FINDINGS 

 
The findings of this research align with the outlined research questions, providing insights into the principles, 
applications, challenges, and strategies for implementing Responsible Artificial Intelligence (RAI) in Indian 
organizations. Indian companies are actively adopting core principles of RAI to address ethical concerns in AI 
deployment. Ethics by design has become a crucial approach, ensuring AI systems align with societal values by 
embedding ethical considerations throughout the development lifecycle. For instance, companies like Infosys 
and Wipro are leveraging explainable AI models to enhance decision-making transparency, particularly in 
sensitive areas like recruitment and credit scoring (Sharma et al., 2024). Fairness and non-discrimination are 
also being prioritized, with tools like Statistical Parity and Equalized Odds being used to mitigate biases in 
recruitment and financial services, helping ensure equitable outcomes for underrepresented groups (Bird et 
al., 2020). Transparency and accountability have been enhanced through the use of blockchain and algorithmic 
auditing frameworks, particularly in public welfare programs. Maharashtra’s e-governance initiatives, for 
example, utilize blockchain technology to ensure decision traceability and foster trust (Sharma et al., 2024). 
Inclusivity remains a significant focus area, as initiatives like "AI for Bharat" work towards developing AI tools 
that cater to diverse linguistic and socio-economic needs, leveraging Natural Language Processing (NLP) 
systems to make AI more accessible to marginalized populations (Gupta et al., 2024). 
In terms of applications, RAI is being implemented in various sectors. In human resources, tools like HireVue 
are transforming recruitment by automating candidate assessments and minimizing subjectivity. These tools, 
combined with fairness-focused metrics, such as True Positive Rate Parity, have been effective in reducing 
gender and regional disparities in hiring processes (Delecraz et al., 2022). In healthcare, AI-powered 
diagnostic tools like those developed by Niramai are enhancing accessibility and diagnostic accuracy, 
particularly in underserved rural areas. However, challenges remain in creating culturally sensitive and 



1364                                     Anudeep Dahiya et al. / Kuey, 29(3), 9147                                   

 

localized datasets to ensure inclusivity in healthcare outcomes (Mehrabi et al., 2021). E-governance systems 
have also benefited from AI applications, with initiatives like Aadhaar-enabled Direct Benefit Transfers 
streamlining public service delivery. Blockchain integration in Rajasthan’s land records project has further 
improved transparency and accountability, though biases in verification algorithms continue to 
disproportionately affect rural beneficiaries, emphasizing the need for fairness-focused interventions (Singh 
et al., 2023). 
The challenges to implementing RAI in India are significant. One of the primary obstacles is the absence of 
comprehensive legislation to address ethical AI concerns. Existing laws, such as the Digital Personal Data 
Protection Bill (2023), focus primarily on privacy and fail to provide guidance on fairness, transparency, and 
inclusivity in AI systems (Banerjee et al., 2023). Biases in training datasets also present a critical issue, as 
systemic inequities in data often lead to discriminatory AI outcomes. For instance, urban-centric datasets may 
unfairly disadvantage rural candidates in recruitment processes or credit-scoring applications (Feldman et al., 
2015; Kleinberg et al., 2017). Furthermore, the lack of workforce readiness is a significant impediment, with 
only 22% of Indian AI professionals trained in ethical AI practices, as noted in a NASSCOM (2023) report. This 
skills gap limits the ability of organizations to implement fairness metrics and ensure algorithmic transparency 
(Floridi et al., 2023). 
To overcome these challenges and enhance the adoption of RAI, the development of a robust national AI 
governance framework is essential. This framework should align with global standards such as the OECD AI 
Principles and emphasize fairness, transparency, and inclusivity as key pillars of AI deployment (OECD, 2023). 
Collaborative ecosystems, such as the IIT-Microsoft AI Ethics Lab, play a vital role in advancing RAI by 
fostering innovation and addressing local challenges through partnerships between public and private 
stakeholders (Floridi et al., 2023). Additionally, technical interventions like Fair Learn and Disparate Impact 
analysis are proving effective in mitigating biases in AI systems. These tools, coupled with pre-processing and 
post-processing techniques, help organizations ensure fairness without compromising model performance 
(Agarwal et al., 2018). 
 

5. Future Recommendations 
 

5.1 Creation of RAI Sandboxes 
Establish RAI regulatory sandboxes where organizations can experiment with ethical AI solutions under 
guided oversight. These sandboxes will allow for the testing of transparency, inclusivity, and fairness metrics 
in real-world scenarios while maintaining compliance with ethical principles (Floridi et al., 2023). 
 
5.2 Collaboration with International Frameworks 
Encourage Indian organizations to collaborate with global initiatives such as the European Union’s Artificial 
Intelligence Act or the OECD AI Principles. This will enable the adoption of internationally recognized RAI 
standards, aligning Indian systems with global best practices (OECD, 2023). 
 
5.3 Development of Sector-Specific RAI Guidelines 
Create tailored RAI frameworks for industries such as healthcare, agriculture, and education to ensure ethical 
considerations specific to each sector are addressed. For example, healthcare AI systems should prioritize 
patient data privacy and inclusivity in diagnostics (Gupta et al., 2024). 
 
5.4 Data Diversity and Representation 
Invest in initiatives to create diverse, unbiased, and representative datasets. Collaborations between the 
government, academia, and private sector can result in curated datasets that ensure fair representation of all 
socio-economic groups (Banerjee et al., 2023). 
 
5.5 Real-Time Algorithmic Auditing 
Develop tools and frameworks for continuous, real-time auditing of AI systems to ensure adherence to RAI 
principles throughout their operational lifecycle. Automated systems can monitor and flag deviations in 
fairness and transparency metrics (Sharma et al., 2024). 
 
5.6 Ethical AI Certification Programs 
Launch certification programs for developers, organizations, and systems that comply with RAI principles. 
These certifications can serve as benchmarks of ethical integrity, encouraging wider adoption of responsible 
practices (NASSCOM, 2023). 
 
5.7 Multistakeholder Governance 
Form collaborative governance bodies that include policymakers, businesses, academics, and civil society to 
co-create ethical AI guidelines. This ensures diverse perspectives are represented in RAI frameworks (Floridi 
et al., 2023). 
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5.8 Leveraging Indigenous Knowledge Systems 
Integrate traditional knowledge and local expertise into RAI models, ensuring that solutions respect and align 
with cultural and regional contexts (Mehrabi et al., 2021). 
 
5.9 Promotion of Explainable AI (XAI) 
Encourage the development and use of explainable AI systems to ensure transparency. Explainable AI can help 
demystify complex decisions, fostering trust among end-users and regulators (Delecraz et al., 2022). 
 
5.10 Environmental Accountability 
Promote "Green RAI" initiatives where organizations are incentivized to reduce their AI systems' carbon 
footprints. Energy-efficient algorithms and the adoption of renewable energy for data centers should be 
prioritized (NASSCOM, 2023). 
 
5.11 Public Awareness in RAI 
Suggest campaigns that increase AI literacy focused on ethical usage, fostering trust and accountability in RAI 
applications (Mehrabi et al., 2021). 
 
5.12 Sustainable RAI Practices 
Advocate for energy-efficient algorithms and renewable energy for RAI applications to address environmental 
concerns ethically (Gupta et al., 2024). 

 
Figure 4:  Recommendations for Building and Maintaining Responsible AI Systems 
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